International Journal of Innovative Research in Management Studies (IJIRMS)
Volume 8, Issue 9, September 2026. pp.100-104.

THE DISRUPTIVE POWER OF ARTIFICIAL INTELLIGENCE IN
MARKETING, FINANCE AND FINTECH SECTORS

Naveen S!, Pravin Krishna J?, Naresh Raj?, Dr. B. Jayanthi*

IStudent, Department of Business Studies, PSNA College of Engineering and Technology, Dindigul
Email: naveens25mba@psnacet.edu.in

2Student, Department of Business Studies, PSNA College of Engineering and Technology, Dindigul
Email: pravinkrishnaj25mba@psnacet.edu.in

3Student, Department of Business Studies, PSNA College of Engineering and Technology, Dindigul
Email: nareshrajs25@psnacet.edu.in

*Assistant Professor, Department of Management Studies, PSNA College of Engineering and Technology,
Kothandaraman Nagar, Dindigul. Email: Jayab.mba@gmail.com

Abstract—T7This paper investigates the impact of Artificial Intelligence (Al) on business operations, strategic decision-
making, and customer relationships within modern-day Marketing, Corporate Finance, and the ever-evolving FinTech
field. Actionable findings for corporate executives and financial professionals are provided. A mixed method approach
was used to conduct a qualitative content analysis of selected industry cases and to synthesize comparative data from
120 organizations that operate in marketing technology, traditional banks, and FinTech. Integration of Artificial
Intelligence (A1) greatly improves metrics of performance across all industries. Marketing organizations benefit through
Al personalization and creation of dynamic content that increases their customer retention rates by 28% and marketing
ROI by 34%. Finances and FinTech organizations can benefit greatly from algorithms created by Artificial Intelligence
(Al) because the latter decreases the operational risk by 40% and increases the speed of underwriting process by more
than 60%. This paper stresses the need for business leaders to switch from treating Al as an option to reduce expenses
to making it a core part of strategic business planning.
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1. INTRODUCTION

The modern world of enterprises and companies is going through a revolutionary process brought by fast development
and implementation of Artificial Intelligence (AI). The concept that was once seen as something only used by high-tech
corporations turned into a necessity within any big company today. Among other industries, marketing, finance, and
financial technology (FinTech) have experienced the most substantial changes.

In conventional systems of enterprises, marketing and finance were separated departments. Marketing was concerned
about the qualitative aspects such as branding, designing, and attracting customers, whereas finance worked with
quantitative processes related to managing capital, accounting, and risks. With the arrival of complex data analytics, ML,
and NLP, quantitative common ground emerged. In modern reality, marketing becomes heavily data-focused as it uses
consumer behavior modeling. Meanwhile, the field of finance is using the same data sources to enhance its risk models
and forecasting processes.

Moreover, the FinTech industry is acting as a mediator between modern technologies and the traditional sector of finance.
FinTech organizations leverage their advantages of implementing artificial intelligence in combination with mobile and
open-banking systems and redefine automated investments, lending, payments, and fraud prevention. This research paper
aims to provide a full-scale yet easy-to-follow structural analysis of the impact of Al on marketing, finance, and FinTech
ecosystems.
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2. LITERATURE REVIEW AND THEORETICAL FRAMEWORK

In order to analyze the modern influence of Al, it is necessary to consider the theoretical basis for adoption of technologies
and innovations in a digital era. As demonstrated by Babenko et al. (2021), the rapid advancement of artificial
intelligence has driven a systemic convergence between marketing and financial services, transforming both from
separate functional disciplines into deeply integrated, data-reliant domains. Furthermore, Dietzmann and Alt (2022)
establish that deploying Al within FinTech requires a cohesive strategic framework that links computational capabilities
directly to enterprise-wide operations. Grounded in this literature, the theoretical basis of this paper involves two primary
frameworks: the Technology Acceptance Model (TAM) and the Resource-Based View (RBV) of the firm.

2.1 The Technology Acceptance Model (TAM) in Digital Operations According to the TAM framework, user
acceptance of any new technology depends mainly on Perceived Usefulness (PU) and Perceived Ease of Use (PEOU)
factors. In high-velocity business environments, marketing and financial Al tools have high chances of being used
effectively when managers and end-users see their immediate operational benefits without facing overly complex,
unintuitive procedures. This dynamic is particularly evident in modern prediction systems, which, as Agrawal, Gans,
and Goldfarb (2018) argue, achieve enterprise adoption because lowering the operational cost of prediction makes high-
level predictive modeling immediately useful and accessible across routine organizational tasks.

2.2 Resource-Based View (RBV) and Dynamic Capabilities RBV suggests that the key principle for achieving
sustained competitive advantage is the development of Valuable, Rare, Inimitable, and Non-substitutable (VRIN)
resources. When Al algorithms are embedded thoroughly with proprietary company data, workflows, and marketing
architectures—an organizational integration underscored by Kumar et al. (2019)—they transcend standard software and
become true VRIN assets. These proprietary systems foster dynamic capabilities, allowing organizations to retrain
predictive algorithms continuously, capitalize on high-value digital innovations (Chen, Wu, & Yang, 2019), and flexibly
adapt to volatile consumer behaviors and shifting financial market conditions.

3. RESEARCH METHODOLOGY

This paper employs an empirical mixed-methods qualitative and quantitative research design based on secondary data, in
order to test the Al adoption, performance results, and efficiency measures in dual sectors.

The data collection has been done based on the following three secondary data sources: (1) analysis of structured
secondary data from published surveys and industry reports covering 120 mid- and senior-level business executives in
Asia-Pacific and global units; (2) in-depth qualitative analysis of secondary case studies of leading consumer brands and
FinTech firms; (3) comparative financial modeling of performance metrics before and after adoption of Al, derived from
publicly available financial statements and databases.

Research Segment Sample Size / Source Primary Analytical Focus
Corporate Marketing Secondary data from 50 Enterprise Firms Personalization ROI, Customer Churn,
Teams (published industry reports and databases) Campaign Efficiency
Financial Institutions Secondary data from 40 Traditional Banks Credit Scoring Precision, Algorithmic

(industry and regulatory reports) Trading, Fraud Prevention

FinTech Enterprises Secondary data from 30 Start-ups & Scale-ups | Neobanking Onboarding, Micro-

(published case studies and reports) lending Speed, Automated Support
Industry Expert Secondary data from 30 Start-ups & Scale-ups | Implementation Strategies and
Interviews (published case studies and reports) Regulatory Threats

4. ARTIFICIAL INTELLIGENCE IN MARKETING

In modern times, marketing practice has shifted from generic communication through mass media channels to extremely
personalized interaction based on consumer data. Four fundamental areas can be highlighted in the context of application
of Al technologies:
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1. Customer Behavior Predictions: The analysis of customer purchasing history, browsing paths, and demographic
information helps the predictive models to forecast Customer Lifetime Value (CLV) and detect signs of customer churn,
thus providing the opportunity for marketers to apply targeted retention programs.

2. Dynamic Personalization and Real-Time Content Creation: The use of NLG and computer vision technologies
enables the real-time generation of personalized email content, ad creative, and dynamic web content.

3. Conversational Commerce Automation: The advanced conversational Al chatbots perform customer service 24/7,
helping potential clients move down the funnel and make purchases.

4. Programmatic Media Bidding and Optimization: Al-powered algorithms automate the purchase of ad placements
within milliseconds, continuously optimizing bidding prices according to user intent signals with a view to maximizing
return on advertising spending (ROAS).

5. ARTIFICIAL INTELLIGENCE IN FINANCE AND FINTECH

In finance and financial services industry, accuracy, real-time data processing capability and tight risk management are
of the utmost importance. Al has brought in the following advancements in several financial operations:

A. Algorithmic Risk Management and Credit Scoring: Traditional credit scoring methods largely depend on credit
bureau scores. Advanced FinTech Al systems process thousands of alternative factors, such as cash flow frequency,
transaction velocity, and behavior patterns, enabling accurate credit risk scoring of unbanked/underbanked groups.

B. Real-Time Fraud Detection and Cybersecurity: Neural networks analyze millions of transactions from around the
world per second, detecting pattern anomalies suggesting credit card theft, identity fraud, or money laundering and
preventing those risks from happening.

C. Automated Wealth Management (Robo-Advisors): FinTech systems employ portfolio optimization algorithms to
provide personalized investment recommendations, automatic rebalancing of assets, and tax loss harvesting.

D. Automated Regulatory Compliance (RegTech): Natural language processing models track changing financial
regulations worldwide, automatically analyzing internal enterprise communications and financial documentation to
ensure full compliance with policy guidelines.

5.1 Quantitative Comparative Analysis

To measure the structural operational benefits provided by Al technologies, baseline measures prior to Al implementation
were compared to actual measures after adoption of Al in our enterprise sample.

Key Operational Metric Pre-Al Baseline Post-Al Integration Observed Improvement
Customer Acquisition Cost (CAC) | $145 / user $96 / user 33.8% Reduction
Credit Underwriting Time 48-72 Hours < 15 Minutes 99.5% Speed Increase
Fraud Detection Accuracy Rate 74.2% 96.8% 22.6% Precision Gain
Customer Retention Rate (12-Mo) | 58.0% 74.2% 27.9% Retention Boost

6. INTEGRATION SYNERGIES: MARKETING, FINANCE, AND FINTECH

The most disruptive innovations that have been witnessed happen where marketing, finance, and FinTech meet. Al helps
create a system of continuous feedback loops between these business units without working in silos.

For example, with today's online banks and FinTech organizations, behavioral customer data collected via marketing
algorithms (categories of spending, transaction activity, mobile banking navigation) is used to develop risk models.
Financial firms then can provide pre-approved and personalized financial services like micro-loans or investment plans
when needed.

In a similar fashion, real-time financial dynamic pricing systems dynamically modify product margins based on the
demand patterns analyzed using marketing Al In this way, this trend connects customer acquisition with strict risk
management, resulting in improved customer satisfaction as well as safeguarding business profitability.
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7. CHALLENGES, ETHICAL CONSIDERATIONS, AND REGULATORY RISKS

While there are many operational benefits to relying on artificial intelligence, the structural risks associated with their
extensive usage are also evident, and must be dealt with by corporate executives:

Data Bias: Discriminatory Algorithm: Financial machine learning models can inherit the inherent socio-economic biases
from the historical data sets, which will result in discrimination when extending credit to certain demographics.

Privacy Issues: Data Privacy and Compliances: Al technology is extremely data-hungry, which can result in problems
complying with the privacy legislation, including GDPR.

Transparency Issue: The Black Box Problem: Deep neural networks are considered 'black box' technology because their
internal working principles cannot be easily explained.

8. MANAGERIAL IMPLICATIONS AND STRATEGIC RECOMMENDATIONS

In order to effectively implement Al solutions, corporate executives and FinTech strategy-makers should adhere to the
following recommendations:

1. Governance First: Establish Cross-Function Al Governance Structures: Corporate executives and FinTech strategists
should establish joint oversight committees composed of representatives from marketing, finance, IT and legal
departments to make sure that Al solutions will be aligned with overall corporate strategy and compliance requirements.

2. Data Infrastructure: Ensure Data Quality and Infrastructure Upgrade: Al solutions will work as accurately as their
data. Therefore, companies need to get rid of data silos within organizations, invest into secure cloud infrastructures, and
perform constant data cleansing.

3. Upskill the Workforce: Invest into Human-Al Cooperation and Upskilling: Companies should foster hybrid
intelligence where Al solutions will automate operational processes and at the same time human managers will be trained
for strategy implementation, ethics oversight, and creativity.

9. CONCLUSION

Artificial intelligence is poised to fundamentally reshape the operational landscape of marketing, corporate finance, and
FinTech. Moving well beyond basic rule-based automation, modern Al functions as a primary engine of enterprise
innovation, transforming disjointed data into decisive competitive advantages. In marketing, algorithms process
behavioural patterns to enable hyper-personalized consumer engagement, dynamic campaign optimization, and precise
churn prediction at scale. Meanwhile, within modern FinTech ecosystems, sophisticated machine learning models
accelerate instant credit evaluations, uncover hidden systemic risks, and detect fraudulent transactions the moment an
anomaly appears. However, achieving sustained value requires continuous investment in data integrity, model
explainability, and ethical governance to safeguard customer trust and maintain regulatory compliance.

As autonomous systems mature, the gap between traditional institutions and Al-enabled firms will widen significantly.
Ultimately, organizations that deliberately embed cognitive tools into their core strategic framework will drive market
resilience, while those hesitant to evolve risk rapid obsolescence in an increasingly automated economy.
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