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Abstract—Artificial Intelligence (A1) is spreading through Human Resource Management (HRM), from recruitment and
performance evaluation to training, engagement, and appraisal. Companies gain efficiency and better decisions, but the
shift also brings ethical, psychological, and technical problems, and few studies have looked at them from the employee's
side. This paper proposes an empirical study of how employees see Al across HRM functions, and how ready they are
for a working life shared with intelligent systems. The design is a quantitative, cross-sectional survey: a structured
questionnaire given to employees and working professionals in selected industries. Descriptive statistics will profile
perceptions. Correlation, regression, and ANOVA will then test how demographic variables, perceived fairness, trust,
and readiness for Al-enabled work relate to one another. Drawing on the Technology Acceptance Model and
organisational justice theory, the paper builds a conceptual framework that links Al transparency, perceived fairness,
and job security to employee readiness. The expected payoffis a set of evidence-based recommendations for HR managers
who are designing human-centred Al adoption strategies. The core argument is simple. The future of work won't be
decided by how sophisticated the Al is. It'll depend on how well organisations design the collaboration between people
and machines, so that each side's strengths get used.
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1. Introduction

Human Resource Management has long run on managerial judgement, face-to-face assessment, and a lot of administrative
processing. That's changed in the past decade. Organizations now use Al tools for resume screening, chatbot-based
candidate engagement, algorithmic performance scoring, predictive attrition modelling, and personalized learning
recommendations. Industry surveys suggest adoption is speeding up. A 2025 global workforce study of over 37,000
employees across 31 countries found that the share of workers who consider themselves "future-ready"” for Al-augmented
work more than tripled in a single year. Even so, a gap persists between how ready organizations believe their workforce
is and how ready employees actually feel.

Adoption has grown faster than our understanding of how employees experience it. Most of the literature on Al in HRM
looks at organizational efficiency, cost savings, and predictive accuracy. The employee shows up as a passive recipient
of algorithmic decisions, not as a stakeholder whose trust, sense of fairness, and psychological readiness decide whether
the technology works in practice. Where employee-level research exists, the findings are mixed. Some studies report that
involving Al in HR decisions increases perceived organisational dehumanisation and reduces affective commitment.
Others find employees cautiously optimistic about Al, as long as organisations are open about how and why they use it.
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This paper addresses that gap with a structured, quantitative study of employee perceptions of Al in HRM and of
employee readiness for an Al-augmented future of work. What follows reviews the relevant literature, states the research
objectives and questions, outlines the proposed methodology, develops a conceptual framework of the hypothesised
relationships, and discusses the expected theoretical and managerial contributions.

2. Literature Review
2.1 AI Applications Across HRM Functions

Al now touches almost every stage of the employee lifecycle. In recruitment, machine learning models screen resumes
and rank candidates. That cuts the manual workload for talent acquisition teams, and the models are said to make
candidate evaluation more consistent. In performance management, algorithmic systems pull together productivity data
to produce ratings or flag employees for coaching. In learning and development, Al-driven platforms tailor training
content to each person's skill gaps. And in workforce planning, predictive analytics forecast attrition and pick out flight-
risk employees. A recent systematic literature review of 35 peer-reviewed studies published between 2020 and 2025
concluded that Al reliably improves HRM efficiency and decision quality. But the gains come with recurring risks:
algorithmic bias, opaque decision logic, and uneven data governance across organisations.

2.2 Employee Perceptions, Fairness, and Trust

A growing body of research asks how employees judge the fairness of Al-driven HR decisions compared with human
ones. In experiments, a promotion or performance decision is attributed either to a human manager or to an algorithm.
Employees generally rate the human-made decision as more respectful and procedurally fair, even when the decision
criteria are identical. So the mere presence of an algorithm in a high-stakes HR decision seems to carry a psychological
cost, separate from what the decision actually says.

Surveys also suggest employees are open to Al in HR tasks, particularly when they expect it to reduce workload or make
subjective decisions fairer. The same surveys find that the strongest predictor of acceptance isn't the technology itself.
It's how transparent and inclusive the employer's communication is about how Al will be used. Taken together, this work
suggests that employee perception of Al in HRM isn't a fixed attitude, uniformly negative or positive. Contextual factors
shape it: the specific HR function involved, the transparency of the process, and what employees believe is behind the
decision to adopt.

2.3 Employee Readiness for an AI-Augmented Future of Work

A parallel body of work looks at employee readiness, mostly through variants of the Technology Acceptance Model
(TAM). TAM links perceived usefulness and perceived ease of use to adoption intention, often through self-efficacy and
attitude. Studies applying TAM to Al-enabled organisational transformation find that self-efficacy and perceived
innovativeness significantly shape acceptance. Readiness, in other words, depends as much on an employee's confidence
and skill as on what the technology can objectively do. Sector-specific studies push this further. Research on Al readiness
in banking, for instance, frames it as a mix of Al mindset, employee skills, and perceived job-role security. Research on
HR functions in public-sector organisations finds that individual employees can be personally ready to work with Al even
when the wider organisational function isn't, which points to a gap between individual willingness and institutional
preparedness. Overall, this literature indicates that employee readiness for AI in HRM has several dimensions: cognitive
(skills and understanding), affective (trust and attitude), and structural (perceived job security and organisational support).
That distinction directly shapes the constructs proposed for measurement in this study.

3. Research Gap, Objectives, and Questions

Taken together, the literature shows that Al adoption in HRM is expanding fast. It also shows that employee reactions
are neither uniformly positive nor uniformly negative. They depend on fairness perceptions, transparency, and individual
readiness. But few studies look at perception and readiness together, within one integrated framework, across several
HRM functions and industries. And compared with the volume of conceptual and organisation-level writing, empirical
evidence from emerging-market and multi-sector employee populations is thin. This study is designed to fill that gap.

3.1 Research Objectives
1. To examine employee perceptions of Al use across key HRM functions including recruitment, performance

evaluation, training, and engagement.

253



IJIRMS — Volume 8, Issue 10, October 2026

2. To assess the influence of demographic and job-related variables (age, tenure, industry, job level) on employee
perceptions of Al in HRM.

3. To evaluate employee readiness for an Al-augmented future of work and the extent to which perceived fairness and
transparency of Al-driven decisions predict that readiness.

4. To develop practical recommendations for HR managers on designing human-centred Al adoption strategies.
3.2 Research Questions

e RQI: How do employees perceive the fairness, usefulness, and trustworthiness of Al when it is applied to
different HRM functions?

e RQ2: Do perceptions of Al in HRM vary significantly by industry, job level, age, or length of service?

e RQ3: What is the relationship between perceived fairness/transparency of Al-driven HR decisions and employee
readiness for the future of work?

¢ RQ4: What organisational practices are associated with higher employee readiness for human—AlI collaboration?
4. Proposed Research Methodology
4.1 Research Design

This study will use a quantitative, cross-sectional survey design, in line with earlier employee-perception research in this
area. A quantitative approach fits the objective, which is to test relationships between measurable constructs (perceived
fairness, trust, transparency, and readiness) across a reasonably large and diverse group of respondents. It also fits the
aim of generalising findings across industries, rather than building an in-depth account of a single organisation.

4.2 Population and Sampling

The target population is employees and working professionals in industries with active or emerging Al-enabled HR
practices. The proposed sectors are Information Technology/IT-enabled Services, Banking and Financial Services,
Manufacturing, and Retail/E-commerce. I picked them because they include both early and late adopters of Al in HR. A
stratified random sampling approach is proposed, with strata defined by industry and job level (entry-level, mid-level,
and managerial), so that each organisational level is adequately represented. The minimum target is 200-250 valid
responses. That's broadly consistent with comparable published studies in this field, and it's enough to support multiple
regression and ANOVA with acceptable statistical power.

4.3 Data Collection Instrument

Data will be collected through a structured, self-administered questionnaire distributed online. It has four sections: (i)
demographic and job-related information; (ii) perceived usefulness and ease of use of Al in HRM, adapted from
established Technology Acceptance Model scales; (iii) perceived fairness and transparency of Al-driven HR decisions,
adapted from organisational justice research; and (iv) employee readiness for Al-augmented work, covering cognitive,
affective, and job-security dimensions. Every perception item uses a five-point Likert scale (1 = Strongly Disagree to 5
= Strongly Agree). Table 1 summarises the proposed construct structure.

Table 1: Proposed Measurement Constructs for the Survey Instrument

Construct Sample Item (illustrative) Adapted From Items
Perceived Usefulness of Al "Al tools make HR decisions more efficient." Technology 5
in HR Acceptance Model
Perceived Fairness / "I understand how Al arrives at HR decisions Organisational 6
Transparency that affect me." Justice literature
Trust in AI-Driven Decisions | "I trust Al-generated performance ratings as Algorithmic trust 5

much as a manager's." research
Job Security Concern "I am concerned Al could reduce the need for my | RAIA / 4
role." automation-
anxiety research
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Readiness for Future of "[ feel prepared to work alongside Al systems in | Technology 6
Work my job." Readiness Index

4.4 Data Analysis Plan

Completed responses will be coded and analysed in statistical software (e.g., SPSS). Descriptive statistics (means,
standard deviations, and frequency distributions) will profile overall perception and readiness levels. Each multi-item
construct will be checked for reliability using Cronbach's Alpha, with 0.70 as the minimum threshold. For inferential
analysis, independent-samples t-tests and one-way ANOVA will compare perceptions across demographic and job-
related groups. Pearson correlation will look at bivariate relationships between constructs. And multiple linear regression
will test whether perceived fairness, transparency, and trust significantly predict employee readiness for the future of
work, with demographic variables controlled.

5. Proposed Conceptual Framework and Discussion of Expected Relationships

Building on the Technology Acceptance Model and organisational justice theory reviewed above, this paper proposes a
conceptual framework. Perceived usefulness, perceived fairness, and transparency of Al-driven HR processes act as
antecedents of trust in Al Trust, in turn, is hypothesised to predict employee readiness for the future of work. Job security
concern is positioned as a moderating variable: when concern is high, it's expected to weaken the positive relationship
between trust and readiness. Table 2 summarises the hypothesised relationships to be tested once primary data is collected.

Table 2: Proposed Hypotheses for Empirical Testing

Hypothesis Statement Basis in Literature

H1 Perceived usefulness of Al is positively associated with trust | TAM-based Al acceptance studies
in Al-driven HR decisions.

H2 Perceived fairness/transparency is positively associated with | Organisational justice / algorithmic
trust in Al-driven HR decisions. fairness research

H3 Trust in Al-driven decisions is positively associated with | Technology readiness literature
employee readiness for the future of work.

H4 Job security concern moderates (weakens) the trust—readiness | RAIA / automation-anxiety
relationship. research

H5 Perceptions of Al in HRM differ significantly across industry | Cross-sector ~ Al-in-HR  survey
and job level. studies

If H1-H3 are supported, they'd confirm that trust is the key psychological bridge between an employee's functional
evaluation of Al (is it useful, is it fair) and their broader willingness to work alongside it. That would reinforce a view in
the literature: Al adoption in HRM succeeds or fails less on technical grounds than on relational ones. The full paper will
report descriptive means for each construct, correlation coefficients, and standardised regression coefficients once the
survey has been administered. This section lays out the analytical structure through which those results will be interpreted.

6. Managerial and Theoretical Implications

For HR managers, the anticipated findings point to a few practical priorities. First, transparency should be a design
requirement, not an afterthought. Employees are more likely to trust Al-driven decisions when they understand the logic
behind them, even if the outcome is unfavourable. Second, communication about why Al is being adopted matters,
especially the difference between automating tasks and making decisions about roles and headcount. It's likely to matter
as much as the technology's actual accuracy in easing anxiety and building readiness. Third, readiness is expected to vary
by job level and industry, so a uniform rollout is a poor fit. Organisations should tailor change-management and training
to the groups shown to have lower baseline readiness.

On the theory side, the study extends the Technology Acceptance Model beyond generic technology adoption and into
HR decisions that directly affect an employee's own evaluation, compensation, and career. Fairness and psychological
safety are likely to carry more weight in that setting than in ordinary workplace-technology adoption.
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7. Limitations and Scope for Future Research

As a proposed study, this paper has the limitations that come with cross-sectional, self-reported survey research: common-
method bias, the chance of socially desirable responding on sensitive questions about job security, and limited ability to
establish which way the causal arrow runs between trust and readiness. The sample will be stratified, but it will come
from a limited set of industries and a single national context. That may limit generalisability to sectors with very different
Al maturity or regulatory environments. Future research could build on this study in a few ways. A longitudinal design
could track how perceptions change as Al tools mature inside an organisation. Qualitative interviews could dig into the
reasoning behind survey responses. And the model could be extended to compare countries with different labour-market
protections.

8. Conclusion

Al isn't a peripheral experiment in Human Resource Management anymore. It's becoming part of how organisations
recruit, evaluate, train, and retain their people. But the literature reviewed here makes clear that technical performance
metrics alone can't tell us whether this shift succeeds. It depends on whether employees see Al-driven HR processes as
fair and transparent, whether they trust the outcomes, and whether they feel genuinely prepared, not just instructed, to
work alongside intelligent systems. This paper has proposed a quantitative research design and a conceptual framework
to investigate those questions directly, and it has set out the instrument, sampling strategy, and analytical approach for
testing them. Once the survey is run, the findings are expected to give HR managers a more grounded, employee-centred
basis for Al adoption strategy than efficiency metrics can. Ultimately, the paper argues that the future of work will be
shaped less by how capable Al becomes on its own than by how deliberately organisations design the collaboration
between human judgement and machine intelligence, so that each side's strengths get used.
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